High-grade serous ovarian cancer (HGSOC) feature widespread genomic rearrangements that alter the copy number of genes. Genes for which elevated expression is detrimental to growth may be passengers in rearrangements that increase the copy number of strongly selective driver genes.
INTRODUCTION
Epithelial ovarian cancer is the most lethal gynaecological cancer, with only 46% of patients estimated to survive beyond the 5-year mark. This can be attributed to late diagnosis in most cases, at which stage the cancer has spread, metastasising to the peritoneal cavity (Lengyel 2010) .
Although ovarian cancer is commonly grouped as a single disease, subtypes exhibit significant phenotypic and molecular differences (Vaughan et al. 2011 ).
High-grade serous ovarian cancer (HGSOC) is characterised by near-ubiquitous mutation of TP53
resulting in a loss of genomic integrity (Consortium 2011a ). This genetic instability leads to widespread changes in genomic copy number, as a consequence of structural rearrangements.
Such copy-number variations (CNVs) have been widely studied in cancers (Bergamaschi et al. 2006; Beroukhim et al. 2010) . This has led to the identification of a number of cancer driver and tumoursuppressor genes, characterized by recurrent amplification or deletion. Changes in gene dosage as a consequence of genomic CNVs typically result in corresponding changes in gene expression (McCarroll et al. 2006) . In fact, one popular approach to distinguish oncogenic drivers from 'passengers' within a genomic region of CNV is by looking for genes with the greatest and most consistent change in gene expression in accordance with the CNV status (e.g. (Akavia et al. 2010; Beroukhim et al. 2010) ). In a landscape study profiling genomic changes in HGSOC, 113 recurrent CNV events were identified (Consortium 2011a ). This included 30 aberrations affecting extended genomic regions: 5 gains and 18 losses each occurred in more than half of the 489 tumours profiled. 113 recurrent focal CNVs were also identified, including amplifications of CCNE1, MYC and MECOM, and deletions of PTEN, RB1 and NF1. In contrast, the same study only identified 9 genes affected by recurrent point mutations (TP53, BRCA1, BRCA2, RB1, NF1, FAT3, CSMD3, GABRA6 and CDK12), which reinforces the view that the molecular pathology of HGSOC is predominantly driven by CNVs and not point mutations (Ciriello et al. 2013) . Additionally, many cancers harbour aberrant epigenetic features: such as reversible chemical modifications on DNA or histone tails that can alter gene expression (Baylin and Jones 2011) . Promoter DNA methylation in HGSOC has been found to silence expression of tumour suppressor genes (Sellar et al. 2003; Consortium 2011a ) and mediators of sensitivity to chemotherapy (Zeller et al. 2012; Bonito et al. 2016) .
Epigenetic regulation of the potential impacts of gene dosage are familiar in terms of Xinactivation, where female mammalian cells feature widespread DNA methylation on one of their two copies of the X chromosome (Mohandas et al. 1981) . Additionally, gene duplication events during evolution have been observed to be accompanied by DNA methylation (Chang and Liao 2011) . Epigenetic dose compensation in cancer has been suggested in a number of recent studies, mostly in breast cancer cohorts. One study (Murria et al. 2015) found that tumours exhibiting higher promoter methylation across a panel of genes were more likely (relative to tumours with lower promoter methylation) to harbour copy-number aberrations across the same panel of genes.
In another study featuring genome-wide analysis of 33 breast tumours, a significant increase in the average promoter methylation was found at genes affected by copy gain, which was hypothesised to function as a dosage compensating mechanism to reduce the expression level of amplified genes (Flanagan et al. 2010) . Silencing of these genes was correlated with dedifferentiation and poor survival in breast cancer as well as involvement in signalling pathways commonly deregulated in cancer. An analysis of tumour samples from TCGA described 'uncoupling' of gene expression from copy-number in breast cancer based on the observation that the expression of some genes is not related to their copy number (Mohanty et al. 2017) . This study reports a trend for genes with higher correlation between copy number and DNA methylation to have lower correlation between copy number and expression. However, there remains limited evidence in the literature of genome-wide analysis of the relationship between copy-number variation and aberrant DNA methylation in cancer, nor of attempts to explain the functional consequences of dosagecompensating epigenetic silencing.
In this study we sought to determine whether regions of CNV are universally associated with changes in DNA methylation, or if select loci are reliably associated with increased promoter methylation on CN gain in HGSOC. Such loci with clear dosage-compensating promoter methylation (DCPM) may define a novel class of dosage-dependent tumour-suppressors. A functional impact of dosage dependent gene expression of DCPM-affected passenger genes identified from primary tumour cohorts, on tumour formation and growth was characterized experimentally in 2 ovarian cancer cell lines.
RESULTS

Frequent DNA hypermethylation is observed at promoters within regions of genomic copy gain in high-grade serous ovarian cancer
Genome-wide profiles of copy-number, gene expression and DNA methylation were obtained for a cohort of 336 Primary HGSOC tissue samples from The Cancer Genome Atlas (TCGA) (Consortium 2011a) , and for 78 Primary HGSOC tissue samples from the Australian Ovarian Cancer Study, available through the International Cancer Genome Consortium (ICGC) (Patch et al. 2015b ).
Summary statistics characterizing the CNV landscape in these cohorts are provided in Table 1 .
Patient characteristics are available in the original publications (Consortium 2011b; Patch et al. 2015b Figure S1) . For both cohorts, we mapped DNA methylation level at each measured CpG site to its absolute genomic copy number estimate in each sample, then calculated the Spearman correlation coefficient relating the methylation bvalues to copy number at the corresponding locus. It was clear that the observed statistical significance of positive Spearman correlations were dramatically greater (i.e. more correlated) than those expected if copy-number and DNA methylation were independent for all loci ( Figure 1A -B).
This was also true for loci with negative correlations between copy-number and DNA methylation (Supplementary Figure S2A-B) . However, as this in vivo data came from tissue samples containing tumour and non-cancer cells, it was important to rule out this association as being driven by cancer cell specificity of both methylation and CNV. To assess this, we computed the Spearman correlation coefficients relating each CpG's methylation b-values to the corresponding tissue sample's tumour cellularity, and found that these two correlation coefficients were indeed significantly correlated (p<2.2x10 -16 in both cohorts, Figure 1C -D) . Given this finding, we used rank-based partial correlation as a cellularity-adjusted measure of association between methylation and copy number. After adjusting for the potential confounding effects of tumour cellularity, the statistical significance of observed positive partial correlations between DNA methylation and copy number were still dramatically greater than if they were independent for all genes ( Figure 1E-F) . To illustrate the correlations between copy-number and methylation (and in some cases tumour cellularity), Figure 1G shows a plot of methylation levels against copy number, coloured by cellularity. Further examples are given in Supplementary Figure S3 . A summary of the numbers of loci affected by recurrent gCN gain and compensatory methylation is given in Table 2 , and genomic co-ordinates of the individual loci are given in Supplementary Table S1 . Each of these analyses reflects the full set of probes lying in promoter regions from the corresponding measurement platform.
Cohort Promoter CpGs Amplified in >10% Tumours
CpGs with copy-number associated methylation The enrichment of correlation between copy-gain and DNA methylation presented in Figure 1 reflects methylation at individual CpG loci. For some CpG islands mapping to regions of recurrent gCN gain, multiple CpG loci are represented in the ICGC methylation dataset. The locus-wise analysis was therefore repeated at the CpG island level: Supplementary Figure S2C shows that an enrichment of correlations between copy-gain and increased average DNA methylation across CpG islands is observed, as at the individual locus level.
We compared the individual correlations for all 303 CpG loci measured in both the two cohorts with sufficient frequency of amplification, observing a similar degree and direction of association between gCN and methylation across the two cohorts ( Fig show a statistically significant increase in the other cohort than would be expected by chance (hypergeometric p<1x10 -5 ). These observations are important as they suggest that it is a property of these particular genomic loci that result in an increase in methylation upon increase in copy number, as opposed to a general tendency for methylation changes to occur more frequently within regions of genomic copy gain. We refer to the assumed phenomenon giving rise to these associations as Dosage-Compensatory Promoter Methylation (DCPM). It may be noted that the observed negative correlations are also reproducible, therefore certain loci tend to decrease methylation upon increased copy number. As this is likely to have different implications from DCPM, we will focus on DCPM for the remainder of this manuscript.
To confirm our hypothesis that the associations we observed were driven by increase in methylation on genomic copy gain, rather than a decrease in methylation upon copy loss (for instance, methylation of the other allele), the correlation coefficients were recomputed for each locus excluding samples with copy loss. These recomputed copy-neutral vs copy-gain correlations showed similar enrichment and conservation across the two cohorts as those computed across the full cohorts (Supplementary Figure S4A -C). When investigating CpG methylation of loci affected by copy-loss but not copy-gain, we found fewer loci with sufficiently frequent copy number aberration to test, but these were also enriched for positive correlations between gCN and methylation (Supplementary Figure S4D -F) . This suggests that regulation of promoter methylation in the event of gCN change could reflect a mechanism cancer cells could harness to prevent amplificationassociated over-expression or deletion-associated loss of expression in deleterious passenger genes that are not drivers of the gCN change.
Dosage-compensatory promoter methylation nullifies expected increase in gene expression upon increase in copy number
Next we investigated the impact of dosage-compensatory DNA methylation on the relationship between genomic copy number and gene expression. Starting with the TCGA cohort, the gene expression measurements for each microarray probe were mapped to their absolute genomic copy number estimate in each sample, and for each probe the Spearman correlation coefficient was calculated to relate the normalized gene expression intensity to copy number estimate across the cohort. The distribution of correlation coefficients across all profiled genes is presented in Fig 2A with the dashed black line, while the corresponding distribution for genes featuring DCPM is With this evidence we hypothesized that if certain genes exhibit a dose-limiting selective disadvantage to cancer cells, it would encourage increases in promoter methylation whenever these genes were affected by regional genomic copy gain. This could occur when structural variant results in amplification of oncogenic driver genes and confers a sufficient advantage to result in clonal expansion, but expression of linked genes in the amplicon that are negative regulators of tumour cell growth is selected against. A schematic illustrating our proposed explanation for these observations is provided in Fig 3A. Figure 3 -Dosage-compensatory promoter methylation as a mechanism to overcome selective disadvantage introduced by increasing copy number of dosage-dependent passenger genes A) Schematic illustrating hypothesis for DCPM as a means of counteracting negative selective pressure from genes with dosage-limiting effects located within amplicon containing oncogenic driver genes. Line represents a genomic region with a dosage-dependent gene (blue) flanked by two oncogenic driver genes (red). When the region is duplicated, an advantage is gained from increased expression of the oncogenic drivers, but a disadvantage arises from increased expression of the dosage-dependent gene. Combined, this encourages selection of cells that have increased the genomic copy number in this region but acquire CpG methylation in the promoter of the dosage-dependent gene. B) Ovarian cancer cell line specificity of selective pressure on shRNA incorporation from ACHILLES screen. Box plots show distribution of t-statistics for increase in selective pressure for incorporating each of a library of shRNAs into ovarian cancer cell lines, compared to other cancer cell lines. The distribution for shRNAs targeting genes affected by DCPM is given by the left-hand box, right-hand box gives distribution for all shRNAs targeting any gene. Our hypothesis involves proximity to oncogenic drivers as the underlying cause of recurrent copy gain affecting these genes, providing a stronger selective pressure than the apparent disadvantage which can be overcome by epigenetic silencing of the affected genes. To test this aspect of the hypothesis we computed the distances from the DCPM candidates (discovered across the two cohorts of primary tumour samples) to the nearest COSMIC census cancer gene (Forbes et al. 2011 ). Among all genes tested for DCPM, the set affected by DCPM were systematically closer to COSMIC census genes (mean-rank gene set enrichment test (Michaud et al. 2008 ) p<10 -4 , Figure   3D ). Table S2 ). FT190 cell line was used as seen that both candidate genes were detectable in all cell lines assayed, although GPR171 is expressed at quite a low level. Figure 4C shows increased expression of ECT2 and decreased expression of both GPR171 and ZMAT3 in PEA1 (relative to FT190). Figure 5C shows increased expression of all 4 oncogenic drivers and decreased expression of ZMAT3 in PEO1 (relative to FT190). We used bisulphite pyrosequencing to assay methylation in these cell lines (Supplementary   Table S3 F) Spheroid formation efficiency evaluated from a spheroid count (>50μm) from 4 replication cycles (4 days) of the same density of cells whilst grown in full medium under optimal conditions in an ultra-low adhesion 6-well dish. Y-axis gives fold change from the empty vector (EV). Data shown is a mean of 4 independent experiments (standard error bars shown), each constituting 3 technical repeats. Figure 4F shows that for both candidate genes, overexpression resulted in a significant decrease in spheroid formation efficiency in PEA1 (t-test p<0.05). Figure 5F shows similar results for PEO1.
Anchorage-independent growth of cells in spheroids is generally taken as a measure of increased cell transformation. Effects on this phenotype by DPCM gene overexpression provides clear evidence that overexpression of these genes would result in a selective disadvantage for tumour growth and development, supporting a model in which cancer cells experience pressure to acquire aberrant promoter hypermethylation at dosage-sensitive genes in genomic proximity to oncogenic drivers. 
DISCUSSION
Our genome-wide integrative analysis of genomic copy number, DNA methylation and gene expression data led to discovery of dosage-compensating promoter methylation for a subset of genes. This finding was replicated across two independent cohorts of HGSOC. We found some loci
where the association appears to be driven by amplification of genes with tumour-specific methylation. Some previous studies have reported associations between copy number and DNA methylation in tumour tissues, at genes where copy number is not associated to gene expression (Flanagan et al. 2010; Murria et al. 2015; Mohanty et al. 2017 ). Our findings suggest that genes regulated by DNA methylation lying within amplicons in tissue samples with variable tumour cellularity could bias these previous studies, and it is therefore important to adjust for cellularitydriven effects. The fact that the correlation coefficients for each locus are significantly correlated across the two cohorts suggests that DCPM is a feature of specific loci, rather than a phenomenon that occurs repeatably but randomly throughout the genome. We have restricted our analysis to loci in promoter CpG islands, as the functional link to silencing of gene expression is well understood (Bird and Wolffe 1999) . Our analysis has also been limited to the specific CpG sites measured on the Illumina HumanMethylation27k and 450k microarray platforms. We have established that these CpG sites are loosely representative of other CpG sites within their respective CpG islands, but it would be interesting to evaluate more comprehensively the consistency of DCPM across many CpG sites within each promoter CpG island affected by DCPM.
There is evidence that not all promoter CpG islands are affected by methylation in the same way (Weber et al. 2007 ). This implies that a more comprehensive characterization of DCPM could focus on better coverage of CpG sites across certain classes of promoter, notably those with de novo methylation associating with loss of expression. Furthermore, a recent systematic analysis of transcription factor DNA-binding has shown methylation-specific binding of certain transcription factors to certain sequences of DNA (Yin et al. 2017) . If whole-genome CpG methylation data were available, it might be possible to identify systematic dosage-compensatory motif methylation (or de-methylation) for particular transcription factors, linking non-promoter CpG methylation to expected functional consequences in cancer cells. At a genome-wide level, overall increases in ploidy would increase the copy-number of any dose-limiting genes. It would therefore be interesting to check if this coincided with a global increase in promoter methylation, where separate quantification of ploidy for tumour sample is available. We have not investigated the potential allele-specificity of DCPM events, as this would require sequence-specific genome-wide analysis of methylation through whole-genome bisulphite sequencing. Evaluating whether or not DCPM events tend to occur on the allele affected by copy-gain could give some insight into potential mechanisms of observed DCPM.
We had initially hypothesized that genes might be held in dosage-compensating regulation if their protein products were involved in reactions sensitive to stoichiometric ratios. It has been suggested that most metabolic pathways and developmental processes are gene dosagedependent (Birchler et al. 2001 ), but we did not see a particular enrichment for genes annotated with metabolic functions in the DCPM targets. In fact, we didn't find enrichment of any particular biological processes in the DCPM-affected genes, which may indicate this as a broadly-applicable mechanism affecting genes across any biological processes that cancer cells manipulate to proliferate in their environment. The fact that the DCPM-affected genes were enriched for ovarian cancer specific selection of incorporated shRNAs in the Achilles project, and were generally enriched for sgRNA incorporation in the DepMap project, is particularly reassuring in support of the hypothesis that DCPM indicates a gene that is disadvantageous when overexpressed. The fact that different loci will be affected in different patients, due to differing genomic copy-number landscapes, could suggest a potential mechanism for nonspecific epigenetic therapies treating cancers by disrupting DNA methylation genome-wide. By this logic, reversal of the DCPM effect through epigenetic therapies might be expected to impair growth of cancer cells featuring extensive genomic copy gains.
In case the acquisition of methylation at individual amplified promoters impacts on patient prognosis, we tested the association of methylation with both progression-free and overall survival, amongst patients harbouring an amplification. But quantile-plots of the p-values from the resulting regression models revealed no noticeable deviation from the expected distribution under randomness (Supplementary Figure S5) . This should not really be surprising, as patient outcomes will depend on response to treatments they will be exposed to after the methylation data was collected. These treatments will impose different selection pressures and may result in DCPM at different loci.
We also found marked enrichment for loci showing negative correlation between copy-number and methylation. We first considered this an obvious consequence of driver genes promoting tumour formation being over-expressed through both copy gain and loss of methylation. However, it may be interesting to consider an implication that there is a greater selection pressure for loss of methylation when the driver gene is amplified: perhaps the amplification results in (or is a result of) addiction to over-expression of the gene in question?
Why do the sets of genes affected by DCPM (which are a minority among genes with recurrent copy gains) show consistency across two independent cohorts? This suggests that there is a general selection pressure for certain genes to be affected by copy gain, and additional selection for preventing over-expression of a subset of these genes. It is of note that these consistentlyaffected loci showed systematic bias to preferential selection for knock-down specifically in ovarian cancer cell lines. As the affected genes were found to be genomically closer to known driver oncogenes than would be expected by chance, it is likely that the consistency of DCPM loci arises from an initial selection for cells harbouring increased copy number of a nearby driver gene, and then subsequent selection for cells that acquire epigenetic silencing of a particularly dosagesensitive over-expressed passenger gene. We have demonstrated that forced over-expression of two genes affected by compensatory methylation in HGSOC results in a decrease in spheroid formation efficiency. This indicates a specific selective advantage conferred to cells that prevent copy gain associated over-expression of these genes. With these observations in mind, we speculate that the fundamental molecular pathology of HGSOC might be influencing which genes have such a dosage-specific effect that DCPM becomes selected for in a locus-specific manner. It would be interesting to extend our approach to other cancer types, and perhaps even to restrict analyses to within relatively homogeneous molecular subtypes, in order to compare diseasespecific DCPM selectivity. Such analysis could shed light on the aspects of equilibrium maintained in cancers despite loss of regulatory pathways and checkpoints, and reveal vulnerabilities of cancers with a wide range of molecular pathologies underpinned by variations in genomic copynumber.
In conclusion, we have identified dosage-compensatory promoter methylation (DCPM) as a recurrent epigenetic phenomenon enabling ovarian cancer cells to avoid overexpression of certain genes that have increased genomic copy number, possibly arising as a passenger effect of proximity to driver oncogenes. We have demonstrated that overexpressing such genes in two ovarian cancer cell lines harbouring increased copy number of those loci decreases tumour spheroid formation. This supports our hypothesis that dosage-compensatory methylation may be invoked to promote cancer growth.
METHODS
Datasets
For the TCGA cohort, genome-wide copy-number profiles were obtained from Affymetrix SNP6 microarrays processed to segmented copy-number estimates with circular binary segmentation (Olshen et al. 2004) microarrays. Gene expression profiles were obtained from RNA-seq libraries. All data was processed as described in (Patch et al. 2015a) . Tumour cellularity of each tissue sample was obtained from sample annotation file 'sample.OV-AU.tsv'. All these datasets are available from the ICGC data portal https://dcc.icgc.org with project title 'OV-AU'.
Project Achilles data were downloaded from https://portals.broadinstitute.org/achilles as a matrix of ATARIS-processed shRNA incorporation scores, as described (Cowley et al. 2014) .
DepMap data were downloaded from https://depmap.org/portal/download/ as a matrix of batch corrected CERES gene effect scores, as described (Meyers et al. 2017 ).
Genome-wide copy-number profile from PEA1 and PEO1 cell lines were obtained from Illumina Human1M-Duov3 DNA Analysis BeadChip microarray data downloaded from Gene Expression
Omnibus with accession GSM459851 and GSM459853, respectively. Downloaded log ratio values were transferred from into hg19 (GRCh37.p13) co-ordinates using UCSC liftOver tool implemented in rtracklayer R package in Bioconductor. Probe-level copy-number log-ratio values were smoothed and segmented using the DNAcopy package and then mapped to genes using the Ensembl hg19 (GRCh37.p13) annotations. Multiple hypothesis testing adjustment was performed using the Benjamini-Hochberg method implemented in the p.adjust function in R. Overlap between DCPM loci identified from the two cohorts was evaluated using a hypergeometric test, based on the distribution implemented in R.
Statistical Analysis
To establish the extent to which methylation levels of individual CpG loci are representative of the CpG islands, for each CpG island we computed the median Pearson Correlation Coefficient between each pair of CpG loci within the island. The distribution of these median intra-island correlation coefficients is given in Supplementary Figure S6 , showing that the methylation levels of the majority of loci are positively correlated with the levels of other loci in the same CpG island.
Systematic shift in preferential shRNA incorporation from the ovarian cancer cell lines in the Achilles dataset was tested by first evaluating empirical Bayes moderated t-statistics comparing each gene's ATARIS-preprocessed shRNA incorporation scores in the ovarian cancer cell lines against the gene's equivalent shRNA incorporation scores across all non-ovarian cancer cell lines.
The resulting t-statistics were used as the basis for a Wilcoxon rank sum test of systematic bias towards high ranking of the DCPM loci, implemented using the geneSetTest function within the R limma package, distributed in Bioconductor.
Systematic shift in preferential incorporation of sgRNAs targeting DCPM affected genes from the DepMap dataset was evaluated using Wilcoxon rank sum test on the CERES scores, using all non DCPM genes for comparison.
Cell Lines
Cell lines were obtained from the cell stocks of the Department of Cancer and Surgery. All cell lines
were Mycoplasma-free. Fallopian tube epithelial secretory cell line FT190 was obtained from Dr Paula Cunnea, gifted from Alison Kast and Ronny Drapkin (Karst et al. 2011) . PEA1 is an adherent mammalian cell line derived from a high grade serous ovarian cancer patient prior to cisplatin (chemotherapy) treatment. PEO1 is an adherent mammalian cell line derived from a high grade serous ovarian cancer patient following chemotherapy (cisplatin, treatment but prior to development of clinical resistance to the chemotherapy agents (Langdon et al. 1988 ). PEA1 cell line was kept at 37°C, 5% CO2, in RPMI-1640 medium (Sigma-Aldrich, St.Louis, US) supplemented with 2mM L-glutamine (Gibco) and 10% FCS and 100 units/mL Penicilium and 100 μg/mL Streptomycin (Gibco). To generate overexpressing cells, each cell line (PEA1 and PEO1) was transfected using Fugene® with the following overexpressing plasmids: ZMAT3 (RC202508, Origene), GPR171 (RC207757, Origene) or the empty vector control (EV)(PS100001, Origene). PEA1
clones were kept under identical conditions and supplemented medium replacing PenStrep with 500µg/ml Geneticin® (Life technologies).
Quantitative Real-Time PCR (qRT-PCR) for gene expression
qRT-PCR was performed in order to obtain relative gene expression values. RNA used was using QIAGEN® RNeasy Mini Kit and cDNA synthesised utilising the High Capacity cDNA Reverse
Transcription Kit (Applied Biosystems). 10ng of cDNA was used with the designed primers (Supplementary Table S4 ) to quantify the desired gene expression. Values obtained analysed using the ΔΔCt method, normalised to β-actin.
Bisulphite Pyrosequencing
A total amount of 500 ng of genomic DNA was bisulphite modified using the Zymo Research EZ-DNA Methylation Kit (Cambridge Bioscience) according to the manufacturer's instructions.
Sequences of pyrosequencing primer sets are provided in Supplementary Table S4 
Tumour-spheroid formation assay
Tumour-spheroid formation assay was performed using a protocol from (Rizzo et al. 2011 ). Cells were seeded at an optimised density of 2000 cells/well of a 6-well Ultra low-adhesion plate and kept in the incubator at optimal conditions for 4 replication cycles (4 days). Tumour spheroids were counted by manual inspection of each entire well using Brightfield microscopy. Only spheroids with diameter larger than 50μm were counted. Spheroid formation capacity was calculated by divided the number of spheroids formed by the number of cell plated (2000 cells).
DATA ACCESS
Genome-wide profiles of copy-number, DNA methylation and gene expression that support the findings of this study are available in the public domain, with instructions for access given in the 'Datasets' paragraph in the Methods section of this manuscript. For convenience, all processed datasets are made available through Mendeley Data at http://dx.doi.org/10.17632/623s8b9vb4.1
Experimental data presented in this study are available from the corresponding author upon reasonable request. R code used to perform all analyses presented in this study are publicly available in the GitHub repository: https://github.com/edcurry/CNV-compensatory-methylation
